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Why use MySQL EE On-Prem For RAG Apps?

Al Ready. MySQL EE On-Prem now has the capability to help build
real Al applications... and it will only get better!

Scalable On-Prem. You can develop on your desktop(s), then scale
up on-prem as the workload grows!

True Database. MySQL EE is much more than a “vector store” or
“document database” because a true database “out of the box”
provides high concurrency transaction management, backup and
recovery, and security.

Super Al Secure. You can even have your Al app working without
an internet connection!

> Viscosityna.com
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Next Steps URLs

HOL: RAG App with MySQL On-Premise (Private and Limited HOL Release)
https://livelabs.oracle.com/****

Al TEAM COLLABORATOR

http://64.23.163.216
username; ****
password; ****

- Viscosityna.com
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Having worked with Oracle technology since 1989. Craig
Shallahamer is a leader in the fields of machine learning;
artificial intelligence and Oracle database performance tuning.

Craig has extensive experience in constructing and teaching

predictive modeling methods, notably developing a
Reinforcement Machine Learning bot in 1990. He has launched

several specialized generative Al conversational assistants,
each with distinct personalities and capabilities. As an Applied
Al Scientist at Viscosity and the founder of OraPub, Craig is also
the author of two acclaimed books: "Oracle Performance
Firefighting" and "Forecasting Oracle Performance".

He has received recognition as an Oracle ACE Director for his
valuable contributions to the Oracle community through his
technical expertise and leadership. Craig is an active participant
in Oracle user groups, frequently presenting at conferences
and serving as a board member and volunteer.
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| created a program where | could play the game tic-tac-toe with
a computer, but also enabled the computer to play itself... and
learning through that process.

- Viscosityna.com ‘Q
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Forecasting

Reliornance Forecasting| Oracle
Firefighting Oracle Performance

Performanc

Oracle

O CRAIG SHALLAHAMER

it amet, consectetur adipiscing it Aenean et tortor st amet
Phasellus lorem justo, vestibulum at, egestas at, cursus ac,
sem

Apress
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MACHINE LEARNING 2

Anomaly De ‘ ct Performance Prediction

@ ORAPUB
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From a more business perspective...

« Domain specific Generative Al Q&A Bots,
Conversational Assistants, and Al Teams with personality
iIn multiple domains. Such as Oracle Performance
Tuning, Biblical Texts, Real estate investing platform, City
Zoning Codes.

* Internet marketing, focusing on identifying "hot leads"
for very specific promotions.

* IT Operations when many Oracle systems must be
monitored and Operations possibly alerted; both
anomaly detection and performance prediction.

] . = utou
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Shane Shane Al: The Oracle Tuning Al Assistant

Leveraging Oracle Cloud Infrastructure, Al Shane is a
conversational Al assistant with a vast curated knowledge
base of all things Oracle performance. Shane also has a
very distinct stereotypic surfer persona. His objective is to
help anyone improve their Oracle system performance
optimization skills.

Al Shane leverages the Oracle Generative Al services within
Oracle Cloud Infrastructure (OCl).

This includes LLMs, vector and traditional capabilities within
Oracle Databases.

Specifically, Al Shane can use the Oracle Vector Store, Oracle
GenAl Services, Oracle Autonomous DB, Oracle MySQL, Oracle
MySQL Heatwave and OCI Compute.

ORWAPQDSB V- VISCOSITY
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Shane =« @ Shane =« g Shane =« @
Christopher . Christopher . Christopher .

Hey Shane, What's up? I need a bullet point list of I need help Shane. LOTS of people are
the top 10 new 23c features. upset with me because the application
performance is so bad. | ran an AWR

Shane

Hey, dude! Not much, just here to
help you with any questions or
concerns you have about Oracle
database performance optimization.
Let me know how | can assist you,
dude!

Ask Shane..

Caption about fact checking and such Shane isn't perfect

ViSCOSivy e

Shane

Hey, dude! Oracle 23c is still in beta,
so the specific features may vary.
However, based on the information
shared by Oracle, here are some of
the top features you can expect in
23c

« Improved algorithms: Oracle has
made enhancements to
algorithms, which can improve
the performance of data-driven
applications.

+ JSON handling: There are
improvements in JSON handling
capabilities, making it easier to
work with JSON data in the
database. |,

+ Graph analytics: Oracle 23c

Ask Shane...

Caption about fact checking and such Shane isn't perfect

report. Here's a brief summary. DB CPU
is 90% of DB Time. The wait event, “latch:
cache buffer chains” is 80% of all the wait
time. And the operating system CPU
utilization averages 93%. What type of
SQL should | be looking for?

Shane

Whoa, dude! It sounds like you're
dealing with some serious
performance issues. Based on the
information you provided, it seems
like the "latch: cache buffer chains”
wait event is causing a major
bottleneck in your system. This wait
event indicates contention for
access to the cache buffer chains
latch, which ca: JI‘DW down your
application.

Ask Shane..

Caption about fact checking and such Shane isn't perfect
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https://shane.adalo.com
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Viscosity Pillars and Delivery Models

% DATA APPS

Oracle & SQL Server Postgres
APEX

EBS
Web/Mobile Apps
.Net and C#
E-Business Suite
SAAS/PAAS

Performance Tuning
Data Replication
Data Warehousing Analytics
Data Integration
ERP Blue Prints
Database Upgrades

> Viscosityna.com © / /. WA utoug
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ACE Program

Viscosity's Oracle ACEs
The Oracle ACE Program *A A

The Oracle ACE Program recognizes and rewards individuals for their
contributions to the Oracle community.

Charles Kim / Rich Niemiec i Craig Shallahamer
CEO | Co-Founder | A Chief Innovation Officer Ry Applied Al Scientist

¥ @racdba y ¥ @richniemiec ¥ @orapub
QACE Director - QACE Director ) QACE Director

Sean Scott Gary Gordhamer Julio Ayapan

W Qoraclesean ¥ @ggordham
@ ACE Director @) ACE Director

¥ @jayapangt
A ACE Associate

Principal Consultant Principal Consultant E Senior DBA

> Viscosityna.com ¥ @ViscosityNA

We've written over 25 technical books!

(10UG)

. - F 3 F ‘ : .
Linux.. Solaris . Linux
Recipes . N\ Recipe

wrOracle DBAs 4 i for Oracle

Oracle Database 12¢ “==%12¢
Helease 2 Performance
Tuning Tips and Techniques
ovimiing

PDB Me to Oracle Cloud
P tior

* Darl Kuhn, harfes Kim,
2 Bemard Lopuz.

(10UG)

‘ Oracl
Forecasting .
Oracle Firefighting
Performance
Quick Start Guide to
Oracle Query Tuning:

Tips for DBAs and
Developers

v> Viscosityna.com ¥ @ViscosityNA




Topics for today

This presentation is about using
Al-Powered MySQL Enterprise Edition On-Premise

What does the app do?

How does the app work?

Cool things about the app
Next steps, including the HOL

- Viscosityna.com

What does the app do?

Ask it ANY movie related question.

If the movie is in the Sakila database
you'll get a great answer!

If not... you will still get a great answer!!

> Viscosityna.com
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Most people think of a
large language model
(LLM) as one big thing,
that can be used to
generate another thing.

- Viscosityna.com

But, there is another way to look
at this.

An LLM provides two
fundamental qualities.

It understands language and it
contains content: knowledge,

data, context.

For our web app, we want to use
our data that's in MySQL EE and
use the LLM language
capabilities.

> Viscosityna.com
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I—l OW d O e S FilmRAG: A MySQL-Based Film Information System

Frontend Backend MySQL

HTML/CSS/jQuery PHP Vector Columns
Apache Sakila Database

index-html, styles.css chat_handlegph film_search STRING_TO_VECTOR()
P, rag_api VECTOR_TO_STRING()

Work? 1

Embeddings
GPT-40-mini

What is RAG?

Retrieval Augmented Generation Rag Request Pipeline

Get Embed Vector Enhanced LM
Request Request Search Prompt Response

We “augment” the prompt with
data from MySQL EE before we
give it to the LLM.

. . utou
<> Viscosityna.com Yo & utahnrac{egsgruup

| | OW d O eS New Chat Sample Prompts About

Hello! I'm your AI assistant. How can I help you today?

the app
work?

So, what's going on
under the covers?

It's a RAG app, so
there is “ingestion”
a nd “ req u eSt”- AI can make mistakes. Please double-check responses.

] . utou
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RAG Ingestion

eoe cshallah — opc@mysal-compute:~
MySQL localhost:3306 ssl sakila SQL > desc film;

P o Recen *  Non “true” databases ingest

Field

£ilm_id
title
description
release_year

| |

| | smitioe maiones weomerened 'documents” by chopping up the
| |

| | . .
| oot imsgusse ta | tlactas vaiomed chunk and storing that in a vector
| I
| |

| |

| |

| |

| |

varchar (128)

Mok text, vectorized/embedded each

year

e i s y store.
length smallint unsigned NULL .

3 decimals,D) . “True” databases like MySQL EE,
enum('G', 'PG','PG-13", 'R', 'NC-17')

Ser( Teailors’, Comantaries., Doloted Sconcs’,Behind the Sconcs') | 158 o + Already contain data... because

timestamp | xo X DEFAULT_GENER

replacement_cost
rating
special_features
last_update

13 rows in set (0.0010 s0c) they are a database!
MySQL localhost:3306 ssl sakila SQL > ALTER TABLE film ADD COLUMN vector_embedding VECTOR(1536);

Query OK, © xows atfected (0.0156 2 So existing column(s) are
Records: 0 Duplicates: 0 Warnings: 0 vectorized/embedded and

MySQL localhost:3306 ssl sakila SQL > desc film; .
riela | voe o stored in a new column(s)
pRTTT——, prongrem— within the existing table.

title varchar (128)

dorcription toxt * The new column has the type,
llnguuq:ii.d !y:inyint unsigned vector.

original_language_id | tinyint unsigned

|
|
|
|
|
| sl el Sinyint wsizes ] + This process is performed for
|
|
|
|
|
|

length smallint unsigned B .
replacemeat_ cost decinal(s.2) : each table row using a variety
rating enum('G','PG','PG-13",'R', 'NC-17") H

Shecial_features | set( Trailers, Comentaries. , Deleted Scenes’,‘Behind the Scenes’) woL of techniques.

last_update timestamp 2 DEFAULT_GENER
vector_embedding vector (1536) NULL

14 rows in set (0.0018 sec)
MySQL localhost:3306 ssl sakila soL > I

. . ® utou
- Viscosityna.com / m utah oracle gs group

ESAF59BCOE582C3D26DBCF3A185F95BB19A5AC3C149417392D8828BAAOFFFCBB48BB883C4536A2BC771E44BC7321283C197AD63B110F31BCBO8SESB]
OBODBC68D427BC7CBEEBBB76D82CBDD690933C3E5EF3BCASC3B2BC0C195DBC27A931BCBB2B95BCCA4ASBBC221052BBCBE61E3C4A79D5BC988D8FBC57
ABBC325CDBC0483E1BCBDE9E1BCFB173CBC6013D6BB4140CEBB36ECO5BCFC8F713CF356EABC6F81803C61B6613C15AF58BC52979BBC318544BC694CD!
9BSAABBC931F063D76A68E3CBD4656BC406BA4BAD19A3F3A9A19BEBC66C7F6BBCI2F1A3C709C413A0AB804BDF6A932BBCI92F1ABC103A87BCOES8ACBC|
[BE3BC6D6D07BD737E1C3BESA891BC68319CBC6434003DA8F26CBC74EF89BC409DC23CDIEA233CB8D84CBCA42027BC6184C33CAB45B53CB6997DBB852
BC9B8A2B3DF1989D3C680646BDF867FF3CC3FA76BC7CBEEB3BFB42923C4E3D8B3CFECE403C98309BBCB6BD8B3B4901A0BB39FOE9BBDO5SBF03B7321A8]
DZR30GF9RBE 86 A6 B Q L BOB BB9 E BO1EGAIBDIF 821D 23B283DF867FFBBA|

06BCA609CA3BBD14 AC3CB181A03B4890
F5631B3C577DDA3( BD23DCB3C2ECE3F3
[B23D3B1041CFBC1B] 090BBD9A4414BD33
13CE64B9D3AE834C 43C4933BEBC |

| 0xDCO2AEBBID6S E m bed d i n & Desi n Dec i S i O n 6EBDFD93C2BCF1DB
; : g g C57278A3D0D8A813
: FEB1BBCEEF173D49
391F34F13BDD4ES5BBETF6B23C7 3B6643C404D3DBD38D2DD3CB104F7BC58AE6C3C1C521DBDO2FF2ABCS26FE6BC3DTA833B0587EA3A1BO6C6BC2FDO9
DC6BDC3C51AD873C4B8D9I93CI62AR23AEFSFC63CE4CASTBDF773DA3BEGET 98BC2B1ABIBCSBOST ABCF546063C44A98BBCSAEACSBAC364C1BCT95ESAIC
B24BDEOCTAA3C1AES113C69F082BCFE4848BD6F 1IF8B3B32B2EF39BC8F4D3DT 88A7BBB84CA573CTCAFFSBA38D25DBCO6FCTEBD866206BB466DAB3CCBS
3B50F881BDBBE9613BABD5SEE3C6959B13C11C7 46BB479AF93C56EACC3C8042183CA5890FBC375A15BDET054DBB5644E1BB1B6F7 43D69F082BCCAR2ES
F12A53D59EBA93C3D3D46BCODFF95BD9329CSBB59FA43BD69F0823DCE6T 60BA32E0123B28A1933D777B61BDC36441BD6029CC3ICB2ET 1F3CT4F3A1BCS
F3BCCBB17DBCE47DOD3DSAEA45BD188DA03CD679913CA12D41BD548F5BBD416BF1BCB606313CET 9C1EBCDIS908BD962AA2BCI7 48D6BCT 3E487BCBDDB)
BB1705BDB5F7963C274622BC9SEE413BBES1103CDFB8103DB5C9733CTEDS8C3C4ADS13BD7B31443DD52D3A3C8315D23C8AF95FBCE2F4783C1F34F1B
D3A53CA74D2FBC83BB3DED244545BC43D57CBC55CCI83B3C975A3CBFIF44BCT 3B664BCEI062A3C8206B83CFF57E23C218FE23CEIFT OFBCSAF95F3B8T
DBDCAA2633D579F523DCDB25ABC2AFCO4BD6C69ABBC6FS839BCE315D23B0AE3BS3CACCTB1BCDEO38BBC25545FBDC30A2D3B9857703DBBEIELBC12139
30DF353C375A153D67FE3FBD6C69A83CTEA13B3CB241343D1F62943CE2C887BC6968CEBBCE38D83B0CAD44BD46D6593C280A423C777BELBC15E6DT 3C,
986399FC335BD2554DFBCCE9583BCT 64E13BDD2C3AEBC219E7CBB3249C1BCD41EA03CC36441BC2126B4BCECES87D3D1F6294BCA9BTBABC6DI67 6BCCAB
3B0D8AS 1BC4EF7A4BCB1321ABCT 3E487BCBOF5DC3CF463DDBC486ES83D90B01FBCOATAOABC15EG57 3BF18189BCCSCFA93BD41E20BDEE3455BC0888CT
6C6DBBCB2504E3D4CICB33B93C016BD304864BCIAO58A3COALCETBAL3BI09IBD107BEFBB106CD53B91560BBATA7C3EBBES9BC1BCB6ACICBB0888473C2
93B6AA5083D8D9 10EBDE44F6A3BD25A803CC556043DB861A23A5D19D53C25545FBDC5CE4C3DFF5762BCES3213BC8D0957BD5DBOA63CF2F9513C6339
F4635DBC2554DFBC67 67 6EBDB4ABBFBCB2504EBAAOE1693D8461293B56537BBB01B353B83F3E23BD94CFB03C7 03DBFBCE2C807 3CBO9BCY3BD2381253
3153DAFD728BD7 8B81E3A95EDEABC23EAS33CC8CFAIBCT CAFT 8BCB250CEBCBCCCEABC3 3FEC63CT298303D9DA581BC2864563B6D1EAEBBIC1CED3DCC,

) . utou
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W h at is I'm interested in watching a movie, set in

a deep African forest that centers around life in the

em bedd i ng? community temple.

Figure 1

Data Point Scatter Plot

INFORMER DOUBLE

Imagine for each film, taking all the PITGACE  rommesrsons romwan TN
information about then film, then ®
reducing it a point; coordinates /

0
INTED HOMICIDE
ReAR TRADING

Then, imagine taking a user's ° semcco
request, then reducing it to a point.

Plot all the points. bRV
[ ]
Locate the closest 3 films to the
User Request. This is the context

the LLM will reference when
responding to the User Request.

DOCTOR GRAIL

-0.200

. . ( utou
<> Viscosityna.com Mutahmac(egsgmup

What is
embedding?

Transforming text, pictures,
graphics, videos, music, etc.
to vectors (array of 1536
numbers) enables thematic
searching not rigid keyword
searches and regex.

This distance calculation is

based on 1536 dimensions,
not just 2 or 3 dimensions.

> Viscosityna.com
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So Cool: Embedding & Design Decision
[ ] [ ] cshallah — b-app/rag_service
[opc@mysqgl-compute rag_service]$ pwd >
/var/www/html/my-web-app/rag_service
[opc@mysql-compute rag_service]$ ls
db_config.php generate_embeddings.php vector_functions.php
film search.php rag_api.php
[opc@mysqgl-compute rag_service]$ php generate_embeddings.phpl

. . ) utou
-y> Viscosityna.com : ﬁ/% prman ] 5roup

@ generate_embeddings.php X
® generate_embeddings.php
function generate_film_embeddings() { EVery row in the film table.
try {

// Process each film

$processed = 0;

foreach ($films as $film) {

echo "Processing film: {$film['title']l}\n";

// Create text representation with enhanced data Create a teXt Strlng related to
$text = create_fllm_text($film);‘Aﬁ the ﬂlm See ﬂeXt Sllde

// Generate embedding
$embedding = generate_embedding($text, $openai_api_key);
if (!$embedding) {
echo " Error generating embedding\n"; H
b Vectorize/embed the text.

}

// Convert embedding array to proper format for STRING_TO_VECTOR
$vector_str = "[" . implode(",", $embedding) . "1";

/1 Store embedding directly using STRING_TO_VECTOR MySQL- function Update the vector_embedding
$stmt = $conn->prepare(" g . »

UPDATE filn < column in the film table.

SET vector_embedding = STRING_TO_VECTOR(?)

WHERE film_id = ?
s

$stmt->bind_param("si", $vector_str, $film['film_id']);

. . utou
<) Viscosityna.com /‘)/% tah oracte g aroup
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So Cool: Embedding & Design Decision

 generate_embeddings.php X Each film's information (row) is
app-home > my-web-app > rag_service > # generate_embeddings.php fo rm atted I nto a text Strl ng. Then

102 /%%

103 * Create enhanced text representation of a fj or embedding 1 / 1

104 * Now includes more details from film Jg the teXt WI” embedded VeCtorlzed'
105 */

106 function create_film_text($film) {

107 $text = "Film Title: {$film['title'l}\n"; \ 1

108 $text .= "Description: {$film['description']}\n"; The reSU|t IS eaCh MySQL EE row

109 $text .= "Release Year: {$film['release_year']}\n"; H H H 1 H i

e e L will contain the existing application
111 $text .= "Length: {$film['length']} minutes\n";

12 columns and also the new

e ke ET vectorized/embedded text column.

115 $text .= "Rental Price: \${$film['price']}\n";

116 }

S0 e TR R Why? The similarity search will be
if (isset($film['category'l)) {

E: i stex; $: }Categzr?es{ {$film['category']1}\n"; J between the USGI’S’

121 ¥

122 embedded/vectorized request and
the "text” embeddings/vectors.

. . utou
<> Viscosityna.com Mutahmaclegsgmup

132226149247

And... [t E—
just works!

I am looking for fun films.

Notice how we are
taking advantage of
LLM language
power, our context
and conversation
history (RAG).

Do you remenber my name?

Without Linear
Algebra, matrixes
and vectors, current
day Al would simply
not exist.

AI can make mistakes. Please double-check responses.

] . ( utou
<) Viscosityna.com /‘)/% tah oracte g aroup
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Search for relevant
table rows

MySQL
Enterprise Edition
On-Premise

- Viscosityna.com

RAG Request &
Context Build

We create the “super prompt” so the LLM
can respond using our data.

Part of the super prompt contains details
about the films that are “similar” to the
user's request.

“Similar” means relatively close in vector
space.

This distance between the user's
request vector (embedding) and a film's

vector (embedding) are computed, then
the top N closest films data is returned,

formatted and return to used in super
prompt.

> Viscosityna.com
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and Response

Build —} LLM endpoint

"super prompt"

LLM
Instructions

utou
pHAUtoug

= rag_apiphp X
 rag_apiphp Make the call.
// Main function to process a query with RAG - o o Mt1ic vector search

function process_with_rag($quen
error_log(" [RAG-API] =:

error_log(" [RAG-API] Processing query: $query");
Connect to DB

try {

/1 Use vector search for all queries
error_log(" [RAG-APT] Using vector search for g

$conn = connect_to_database();
if (1$conn) {
error_log(" [RAG-API] Database connection failed");
return: ["status" => “error", "message" => "Database connection failed"];

3
Embed user request
// Generate embedding for query ’ .
$query_embedding = generate_embedding($query, $api_key); ('e/ querY)
if (!$query_embedding) {
error_log(" [RAG-API] Failed to generate query embedding");

$conn->close();
return ["status" => "error", "message" => "Failed to generate query embedding"];

3
Do search:

// Find similar films - increase the limit to get more results PR .. . .
similarity/sematic/thematic

ssimilar_filns = find_similar_filns($conn, $query_embedding, 5)f

$conn->close();

if (empty($similar_films)) {
error_log(" [RAG-API] No similar films found");
return ["status" => “not_found", “message” => "No relevant films found"]; ”. ”
Format "top N

b
// Format raw top N films data for evenual super prompt inclusim/ results: the context

sformatted_films_context = format_films_context($similar_films);
error_log(" [RAG-API] Found and formatted " . count(ssimilar_films) . " similar films");

return [ Return results to be

status” => G
“type" = "vector_search”, used in “super prompt”

"context" => $formatted_films_context

1;

utou
m utah oracle usgers group
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“Super Prompt” containing
all four components.

“Respond to the request in paragraph form based on the context and the chat history. ";
“Use the chat history to help generate a better response. ";
“Linit your response to 150 words. Do not use any external information. \n\n";

$super_prompt # Request: {$user_request} \nm\n";

$super_prompt # Context: \n{$top_films_context}\n";

$super_prompt .= "### Chat History:\n" . json_encode($_SESSION['chat_history']);
13:

& chat_handler.php X
app-home > my-web-app > chatbot > # chat_handler.php ’
123
124, // Building the augmented/super prompt: LLM instructions, user
$super_prompt = "### Instructions: ";
126 $super_prompt .=

I 133 error_log(" [CHAT] Super prompt:\n"
134
135
136
e n O .

127 $super_prompt ..
128 $super_prompt

We are giving the LLM: 1) instructions,

2) user request, 3) context (films) and

4) chat history.

. $super_prompt) ;

// Prepare the request to the OpenAI APT

$request_body = [ /
‘role' => 'user’,

‘model’ => ‘gpt-4o-mini',
‘messages’ => [
‘content' => $super_prompt
]
! 3

‘temperature' = 0.15,
‘max_tokens* => 500

1

7/ Initialize cURL session

$ch = curl_init('https://api.openai.con/vl/chat/completions');

Prepare LLM
request

OpenAl LLM chat
API endpoint

// Set  cURL options
curl_setopt($ch, CURLOPT_RETURNTRANSFER, true);
curl_setopt($ch, CURLOPT_POST, true);

Truly, a “super prompt”.

curl_setopt($ch, CURLOPT_POSTFIELDS, json_encode($request_body));
curl_setopt($ch, CURLOPT_HTTPHEADER, [

O)

Make theﬁl call and

There are many nuanced strategies to
design, structure and build the final s
“super prompt”.

*Content-Type: application/json’,
‘Authorization: Bearer ' . $openai_api_key

receive the response

// Execute cURL session and g
sresponse = curl_exec($ch);
shttp_code = curl_getinfo($ch, CURLINFO_HTTP_CODE);

- Viscosityna.com

utou
2

Cool things about the app.

100% Claude.ai collaboration... hard work.
Uses my preference of vendors.
Embedding design decision is important.

> Viscosityna.com

utou
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So Cool: 100% Claude.ai Collaboration

The initial Chatbot

was 100% prompt
“copy and paste”.

The final RAG app
was an intense and

fun collaboration
with Al.

= RAG app with MySQL On-Premise > Build Your Own Al Chatbot

- Lab 3: Build Chatbot Application

Task 3: Add LLM Integration
Task 4: Add Conversation Memory

Task 5: Add Text Formatting
Enhancement

Task 6: Add Code Copy Functionality
Task 7: Add About Popup
Task 8: Add Sample Prompts Feature

Acknowledgements
+ Lab 4: Install Enterprise Edition

+ Lab 5: Setup Sakila Sample Database
and configure Vector datatype

cd /var/wwi/html

sudo mkdir chatbot

cd chatbot

3. Prompt 1: Basic Chat Interface (Full-Screen Version) Copy prompt to Claude.ai

Prompt 1: Basic Chat Interface (Full-Screen Version)
Files:

index.html - Basic web interface with three sections
styles.css - Variable-driven CSS for easy
customization

I am a developer and an AI enthusiast.

The goal is to code an AI Chatbot web app by using a
step-by-step process. After each step, I will check
that the app is working properly. Then I will prompt
you for the next step. Because I will likely restart

6/12/25

this process, your responses should be as consistent
+ Lab 6: Build MySQL Vector Al as possible.
Application
The app is to be primarily coded, in no particular
order, using PHP, HTML, CSS and JQuery. If a web

+ Need Help?
server is needed, use PHP which is installed on my

utou
2

- Viscosityna.com

So Cool: Uses my vendor preferences

OpenAl for RAG LLM:

* Always works with coding assistants,
+ Offer small and fast LLMs.

Claude.ai web app interface:

+ Coding LLM (eg, Sonnet) just works,
* | like the Al persona and Anthropic.

Cohere. Inexpensive, great models, but coding assistants don't work well with Cohere.
GCrok. Expensive and don't need a scientific truth-seeking answer.

Llama. Did not want the LLM on my desktop (super secure), build an infrastructure
or use an API service.

Gemini. Have not tried it yet... but will.

Deepseek. Do not need a "reasoning” model with a long response time.

utou
m utah oracle usgers group
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Why use MySQL EE On-Prem For RAG Apps?

Al Ready. MySQL EE On-Prem now has the capability to help build
real Al applications... and it will only get better!

Scalable On-Prem. You can develop on your desktop(s), then scale
up on-prem as the workload grows!

True Database. MySQL EE is much more than a “vector store” or
“document database” because a true database “out of the box”
provides high concurrency transaction management, backup and
recovery, and security.

Super Al Secure. You can even have your Al app working without
an internet connection!

- Viscosityna.com

Why use MySQL EE On-Prem For RAG Apps?

Because, if you have of lots data in a database and:

Extracting and analyzing the data takes multiple SQL statements,
requires crazy syntax or takes forever.

You desire a more collaborative analysis environment.

Your data is proprietary...period.

Deep research or casual questions specific to your proprietary data

isthe norm.

> Viscosityna.com
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Next Steps...

Get MySQL Enterprise Edition on-prem/desktop/OCI/AWS/...
Go!

Advanced RAG. There are a ton of techniques and
technologies to made RAG much better. Goto:
WWWw.orapub.com

Multiple Als working together collaborating with you. Not a
“reasoning” model, but a true collaboration. Goto:
www.orapub.com or the Viscosity table for a URL.

Cursor Al. | love this coding Al assistant!!! Goto:
WWW.CUrsSOor.ai

...and...

. . ) utou
+v>) Viscosityna.com Mf\mhmmusgersgmup

N e Xt S t e p S LN ]
About this Workshop
Building Intelligent Applications with MySQL on-prem Vector Search n n
[ p, we'll explore i , vector search, databases

n .
to create a truly intelligent film recommendation application. We'll be working with a MySQL on-premise database, showing
-powered engine that understands not

Introduction

just what films people like, but why they like them.

—— Step-By-Step you can build a
‘ simple Q&A web app using only
prompts that you copy/paste
A s o e e into Claude.ai
ANIDE
MySQL EE On-Prem Q&A
chatbot web app

We'll break this workshop into manageable phases:

1. First, we'll build  standalone chatbot with a terminal-themed interface
database, and its vector capabiliies.
service using g MySQL's vector capabilties that is connected to
the chatbot to create our ntelligent movie assistar

System Architecture Diagram

FilmRAG: A MySQL-Based Film Information System

viscosityna.com
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Thank You!

- Viscosityna.com

Next Steps URLs

HOL: RAG App with MySQL On-Premise (Private and Limited HOL Release)
https://livelabs.oracle.com/pls/apex/dbpm/r/livelabs/view-workshop?wid=4158

Al TEAM COLLABORATOR
http://64.23.163.216
username: nocoug
password: vnal23

> Viscosityna.com
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VISCOSITY
V-

PROFESSIONAL SERVICES

Building Gen Al-Powered Database
Applications: A "Developer's" Fast
Track to Production

Utah Oracle Users Group (UTOUQ)
Virtual Event
Thursday, June 12, 2025
Oracle ACE Director

Applied Al Scientist | OraPub Founder
utoug o 3
/ / / Director - SYMPOSIUM
utah oracle users group

- Viscosityna.com
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